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1. Artificial Neural Net (ANN)
2. Multilayer Perceptron (MLP)
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3.Pulse Wide Modulation (PWM)
4.Radial Basis Function (RBF)
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5.Generalized Regression Neural Networks (GRNN)
6.Verification
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13.Root mean square error (RMSe)
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Predicting flow of a variable rate boom sprayer by artificial neural network
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Abstract

To predict the flow of a variable rate sprayer, artificial neural net (ANN) was
used. To model output flow of sprayer, 727 nets by 4 neural net models of linear, MLP,
RBF and GRNN were tested. For each nozzle, 45, 22 and 23 data were used for train,
verification and test, respectively. Among tested models, RBF model with one input, 4
hidden and one output layers was selected by regression ratio of 0.198 and correlation
of 0.98. Based on the results, average value of R* for four nozzles by ANN model was
0.9942, 0.9879, 0.9969 and 0.990, respectively. So, average CV for neural net model
obtained 18.96%. In addition, results indicated that ANN is an accurate model in
prediction of variable rate sprayer flow.

Keywords: Artificial neural net, Precision agriculture, Sprayer, Variable rate.
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