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ABSTRACT

In this research, image processing along with Random Forest (RF) classification algorithm were used to
classify different cultivans of been seeds. Using a digital camera, images were taken from different cultivars
of red, white andyinto beans. Then the images were processed and 34 morphological indices were extracted
and used for\thejelassification. The RF algorithm was developed using 100 to 500 trees and the best results
were reportedyAccording to the results obtained, the classification accuracy was 89, 81, 72 and 79 percent, for
red, whitegpinto and all beans, respectively. The results showed that the imaging method along with the RF
algorithm gan provide a strong tool for identification and classification of agricultural products.

Ke\ywords: Bean, Image Processing, Classification, Random Forest
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Table 2. The color indices extracted from the images of bean cultivars
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Table 3. The accuracy of Random Forest algorithm for classifying different cultivars of bean
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